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Abstract
Background  Multimorbidity is strongly associated with disability or functional decline, poor quality of life and high 
consumption of health care services. This study aimed (1) To identify patterns of multimorbidity among patients 
undergoing first recorded percutaneous coronary intervention (PCI); (2) To explore the association between the 
identified patterns of multimorbidity on length of hospital stay, 30-day and 12- month risk of major adverse cardiac 
and cerebrovascular events (MACCE) after PCI.

Methods  A retrospective cohort study of the Melbourne Interventional Group (MIG) registry. This study included 
14,025 participants who underwent their first PCI from 2005 to 2015 in Victoria, Australia. Based on a probabilistic 
modelling approach, Latent class analysis was adopted to classify clusters of people who shared similar combinations 
and magnitude of the comorbidity of interest. Logistic regression models were used to estimate odd ratios and 95% 
confidence interval (CI) for the 30-day and 12-month MACCE.

Results  More than two-thirds of patients had multimorbidity, with the most prevalent conditions being 
hypertension (59%) and dyslipidaemia (60%). Four distinctive multimorbidity clusters were identified each with 
significant associations for higher risk of 30-day and 12-month MACCE. The cluster B had the highest risk of 30-day 
MACCE event that was characterised by a high prevalence of reduced estimated glomerular filtration rate (92%), 
hypertension (73%) and reduced ejection fraction (EF) (57%). The cluster C, characterised by a high prevalence of 
hypertension (94%), dyslipidaemia (88%), reduced eGFR (87%), diabetes (73%) and reduced EF (65%) had the highest 
risk of 12-month MACCE and highest length of hospital stay.

Conclusion  Hypertension and dyslipidaemia are prevalent in at least four in ten patients undergoing coronary 
angioplasty. This study showed that clusters of patients with multimorbidity had significantly different risk of 30-day 
and 12-month MACCE after PCI. This suggests the necessity for treatment approaches that are more personalised and 

Multimorbidity impacts cardiovascular 
disease risk following percutaneous coronary 
intervention: latent class analysis of the 
Melbourne Interventional Group (MIG) 
registry
Chau Le Bao Ho1, Si Si2, Angela Brennan1,2, Tom Briffa3, Dion Stub2, Andrew Ajani2 and Christopher M Reid1,2*

http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/publicdomain/zero/1.0/
http://crossmark.crossref.org/dialog/?doi=10.1186/s12872-023-03636-7&domain=pdf&date_stamp=2024-1-18


Page 2 of 6Ho et al. BMC Cardiovascular Disorders           (2024) 24:66 

Background
More people are surviving acute coronary events largely 
attributed to advances in medical care and improved 
risk factor management. Consequently, more people are 
living with two or more chronic diseases; so called mul-
timorbidity [1–5]. In Australia, nearly half of patients 
presenting at General Practices and one third of the gen-
eral population report multimorbidity [6]. A recent study 
by Lai et al. 2019 observed a progressively increased rate 
of hospital admission in middle aged participants with 
multimorbidity as compared to those at older age [7]. 
Multimorbidity is strongly associated with disability or 
functional decline, poor quality of life and high consump-
tion of health care services [2, 8, 9].

Growing epidemiological research examining the 
prevalence of multimorbidity has mostly focused on 
investigating the number of co-existing conditions or 
there dyad/triad combinations [10, 11]. In a UK study, 
three multimorbidity phenotypic clusters (low, medium 
and high levels of multimorbidity) was identified among 
patients with acute myocardial infarction (AMI) and 
found a dose-response relationship between the extent 
of multimorbidity and long-term survival [12]. This study 
used both cluster and latent class analyses that enable the 
distinction of co-morbid conditions that occur by chance 
from those that are statistically more likely to co-exist 
due to pathophysiological causes and/or socioeconomic 
or behavioural factors [13, 14]. However, the UK study 
restricted to AMI patients with single endpoint of all-
cause mortality. Recently, patterns of multimorbidity was 
considered given the potential overlapping pathophysi-
ological pathways [15] and thereby inform the allocation 
of health services [16, 17]. A study by Islam et al. further 
reported that it is not the number, but the patterns of 
multimorbidity that predict health service use [18]. Using 
a similar latent class analysis (LCA) method, this current 
study aimed to identify (1) patterns of multimorbidity 
among patients undergoing first recorded percutaneous 
coronary investigation (PCI) (both emergency and elec-
tive procedures); (2) the association between the identi-
fied patterns of multimorbidity on length of hospital stay, 
30-day and 12- month risk of major adverse cardiac and 
cerebrovascular events (MACCE) after PCI.

Methods
Study design, settings and population
We conducted a retrospective cohort study of the Mel-
bourne Interventional Group (MIG) registry [19]. The 

MIG registry included 14,025 participants who under-
went their first PCI from 2005 to 2015 at six tertiary 
referral hospitals in Victoria, Australia. The registry 
recorded data on patients’ demographic characteristics, 
medical conditions at admission; PCI procedure; admis-
sion presentation, length of hospital stay, 30-day and 
12-month MACCE at post procedure date. In this study, 
MACCE was defined deaths, non-fatal myocardial infarc-
tion, stroke and target vessel revascularisation. Follow-up 
information at 30-day and 12-month after PCI was col-
lected in a standardised case report forms via telephone 
interview or record review by site nurse coordinators.

Statistical analyses
Based on a probabilistic modelling approach, LCA was 
adopted to classify clusters of people who shared similar 
combinations and magnitude of the comorbidity of inter-
est. The comorbidity of interest included: (1) hyperten-
sion, (2) dyslipidaemia, (3) diabetes mellitus, (4) chronic 
lung disease (CLD), (5) obstructive sleep apnoea (OSA), 
(6) reduced ejection fraction (EF < 45%), (7) periph-
eral vascular disease (PVD), (8) cerebrovascular dis-
ease, and (9) reduced estimated glomerular filtration 
rate (eGFR < 60 ml/min/1.73m2). Each morbidity in the 
model is classified into one of the latent classes accord-
ing to their maximum likelihood class membership [20]. 
LCA incorporates standard procedures to handle missing 
values before assigning estimated probabilities of an indi-
vidual belonging to distinct clusters [20]. Model selection 
was based on model fit parameters including likelihood-
ratio G2 statistic, Akaike Information Criterion (AIC), 
Bayesian Information Criterion (BIC) and entropy.

Descriptive analyses were used to summarise the char-
acteristics of patients according to comorbidity clusters 
identified by LCA. Differences between the comorbidity 
clusters groups for baseline characteristics were tested 
by t-tests for continuous variables and Chi-squared tests 
for categorical variables. Logistic regression models were 
used to estimate odd ratios and 95% confidence interval 
(CI) for the 30-day and 12-month MACCE. Both logistic 
and negative binomial regression models were performed 
for the association between comorbidity clusters and 
length of hospital stay. The models were adjusted for age, 
gender and other risk factors. The statistical significance 
was determined with a two-sided p-value below 0.05. 
Data analyses were performed using STATA (version 14).

customised to enhance patient outcomes and the quality of care delivered to patients in various comorbidity clusters. 
These results should be validated in a prospective cohort and to evaluate the potential impacts of these clusters on 
the prevention of MACCE after PCI.
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Results
In Table 1, more than half of the included patients were 
males (74%) and had a mean age of 63 ± 12 years. In the 
PCI cohort, hypertension and dyslipidaemia were the 
most prevalent conditions (59%); followed by diabetes, 
reduced EF and reduced eGFR in approximately 20% 
and the remaining conditions accounted for propor-
tions < 10%. Indications for PCI included 78% of patients 
presented with acute coronary syndrome (ACS), of which 
40% were ST elevated myocardial infarction (STEMI). 4% 
of the cohort had cardiogenic shock. Most PCI proce-
dures were classified as urgent or rescue (77%) and 26% 
were multi-lesion procedures.

Missing records were minimal except for records of EF 
(10.4%) and New York Heart Association (NYHA) class 
(12.8%) as presented in Supplementary Table 1. The prev-
alence of comorbid conditions remained stable over time, 
except for a decrease in dyslipidaemia and impaired EF 
and a slight increase in CLD in more recent years (Sup-
plementary Table 2).

Comorbidity clusters identified by LCA and characteristics 
of patients among these clusters
As shown in Table  1; Fig.  1, the LCA analysis identi-
fied four comorbidity clusters: [1] cluster A with a high 

prevalence of hypertension (98%), dyslipidaemia (92%) 
and less so diabetes (32%), [2] cluster B with a high prev-
alence of reduced eGFR (92%), hypertension (73%) and 
reduced EF (57%); [3] cluster C with a high prevalence 
of hypertension (94%), dyslipidaemia (88%), reduced 
eGFR(87%), diabetes (73%) and reduced EF (65%), [4] 
cluster D with prevalence of conditions below 20% 
with the exception of dyslipidaemia (36%). Each group 
accounted for 42%, 6%, 4% and 48% of the included popu-
lation respectively. Patients in cluster B and C were likely 
to be older (mean age 72 ± 12 and 71 ± 11 respectively) 
and had a substantial high proportion of ACS, STEMI 
and particularly > 10% with cardiogenic shock.

Association between identified comorbidity clusters and 
the outcomes
After PCI, the average, hospital stay was four days; 7% 
(993 events) experienced MACCE after 30 days and 13% 
(1857 events) at 12 months. In Table 2, compared to clus-
ter A (as the reference group), odds ratios (ORs) of hav-
ing longer length of hospital stay was statistically higher 
in cluster D, B and C with adjusted OR 1.03 (95%CI 1.01–
1.05), OR 1.32 (95%CI 1.27–1.36) and OR 1.71 (95%CI 
1.64–1.78) respectively. Patients in cluster B and D had at 
least twice odds of 30-day MACCE events than those in 

Table 1  Baseline characteristics according to the multimorbidity clusters
A
(n = 5912, 42%)

B
(n = 853, 6%)

C
(n = 553, 4%)

D
(n = 6707, 48%)

Total 
(n = 14,025)

Age, years, mean ± SD 65.1 ± 11.3 71.8 ± 12.0 71.1 ± 10.8 60.1 ± 11.8 63.3 ± 12.1
Male, n (%) 4121 (69.7) 542 (63.5) 340 (61.5) 5402 (80.5) 10,405 

(74.2)
Multimorbidity, n (%)
Hypertension 5782 (97.9) 624 (73.3) 520 (94.4) 1308 (19.5) 8234 (58.8)
Dyslipidaemia 5414 (91.8) 12 (1.4) 482 (87.5) 2419 (36.1) 8327 (59.5)
Diabetes 1868 (31.6) 62 (7.3) 406 (73.4) 472 (7.0) 2808 (20.0)
Cerebrovascular disease 411 (7.0) 69 (8.1) 167 (30.3) 29 (0.4) 676 (4.8)
PVD 241 (4.1) 46 (5.4) 199 (36.1) 57 (0.9) 543 (3.9)
Reduced EF 831 (14.1) 442 (51.8) 311 (56.2) 1274 (19.0) 2858 (20.4)
Reduced eGFR 1143 (19.3) 756 (88.6%) 469 (84.8) 466 (6.9) 2834 (20.2)
Chronic lung disease 600 (10.2) 154 (18.1) 124 (22.4) 452 (6.7) 1347 (9.6)
OSA 292 (4.9) 2 (0.2) 51 (9.2) 91 (1.4) 436 (3.1)
Number of multimorbidity, mean ± SD 3 ± 1 3 ± 1 5 ± 1 1 ± 1 2 ± 1
Admission status, n (%)
Elective 1910 (32.3) 106 (12.4) 127 (23.0) 1042 (15.5) 3181 (22.7)
Urgent/rescue 4002 (67.7) 747 (87.6) 426 (77.0) 5665 (84.5) 10,840 

(77.3)
Cardiac status at admission, n (%)
ACS 4044 (68.5) 749 (88.0) 427 (77.2) 5699 (85.0) 10,919 

(77.9)
STEMI 1650 (27.9) 523 (61.3) 222 (40.1) (3277 (48.9) 5671 (40.4)
Cardiogenic shock 124 (2.1) 146 (17.1) 74 (13.4) 228 (3.4) 572 (4.1)
Multi-lesion PCI procedure, n (%) 1594 (27.0) 264 (30.9) 191 (34.5) 1569 (23.4) 3618 (25.8)
SD: Standard Deviation; STEMI: ST elevated myocardial infarction; ACS: Acute coronary syndrome; PCI: percutaneous coronary intervention, PVD: peripheral vascular 
disease, EF: ejection fraction, eGFR: estimated glomerular filtration rate, OSA: obstructive sleep apnoea
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cluster A; being 2.27 (95%CI 1.73–2.96) and 2.01 (1.43–
2.82), respectively. Similar pattern was observed for 
12-month MACCE, and patients in cluster D had a sta-
tistically lower odds of having a 12-month MACCE com-
pared to those in cluster A (OR 0.86, 95%CI 0.75–0.98).

Discussion
In this study, over two-thirds of included patients had 
multimorbidity as defined, with the most prevalent con-
ditions being hypertension and dyslipidaemia. Four dis-
tinctive multimorbidity clusters were associated with 
significant high risk of 30-day and 12-month MACCE 
and length of hospital stay.

Clusters B and C shared high proportions of reduced 
eGFR, reduced EF and hypertension but with a low 
proportion of diabetes in cluster B (7%). Yet, the study 
by Hall et al [12] using the similar LCA analysis identi-
fied only three multimorbidity clusters: [1] the high risk 
class with high proportion of heart failure, PVD and 
hypertension, [2] the medium risk class with PVD and 
hypertension and [3] the low risk class with low levels 
of interested multimorbidity with less than 5% except 
for high prevalence of PVD of over 20%. Although mor-
bidities were similar in both studies the differences may 

be explained by how the comorbidity of interest was 
defined in two studies. The Hall et al. study looked at a 
diagnosis of chronic renal failure (defined as serum cre-
atinine level above 2.26  mg/dl) or chronic heart failure 
whereas our study collected data of reduced eGFR < 60 
ml/min/1.73m2 and reduced EF < 45%. Also, the Hall 
et al. study restricted to patients with ACS only. In our 
study, reduced eGFR and reduced EF were likely to co- 
exist and related to poor cardiovascular outcomes due 
to synergetic effects of traditional and uremia-related 
risk factors [21]. Patients with impaired kidney function 
tend to be under treated with preventive medicines upon 
discharge such as aspirin and statins [22–24] due to reti-
cence relating to safety and benefits of these preventive 
medicines [25, 26]. There is a need of studies to confirm 
the effects of additional medicines to manage competing 
morbidities designed to improve the outcome after PCI 
in these patients [27]. Also, previous studies showed a 
lack of referral to cardiac rehabilitation in patients with 
multimorbidity [28, 29] even though they obtained simi-
lar benefits to those without multimorbidity [30–32].

Our study data was based on the MIG registry that 
has broad comparability to all Australian PCI patients 
and thus the results of our study are generalisable [33]. 

Table 2  Association between the multimorbidity clusters and cardiovascular outcomes
A
(n = 5912, 42%)

B
(n = 853, 6%)

C
(n = 553, 4%)

D
(n = 6707, 48%)

30-day MACCE
Events, n (%) 330 (5.6) 188 (22.0) 107 (19.4) 368 (5.5)
Adjusted OR (95% CI) 1.00 (Ref ) 2.27 (1.73–2.96) 2.01 (1.43–2.82) 0.94 (0.78–1.14)
12-month MACCE
Events, n (%) 727 (12.3) 263 (30.8) 178 (32.2) 689 (10.3)
Adjusted OR (95% CI) 1.00 (Ref ) 1.85 (1.50–2.28) 2.22 (1.73–2.84) 0.86 (0.75–0.98)
Length of hospital stay
Mean ± SD 3.6 ± 4.4 6.4 ± 9.6 7.7 ± 9.9 4.0 ± 4.1
Adjusted OR (95% CI)* 1.00 (Ref ) 1.32 (1.27–1.36) 1.71 (1.64–1.78) 1.03 (1.01–1.05)
*: Negative binomial regression IRR is reported; MACCE: major adverse cardiac and cerebrovascular events, OR: Odd ratio, CI: confidence interval. The models were 
adjusted for age, gender and other risk factor

Fig. 1  Probabilistic distribution of multimorbidity conditions within each comorbidity cluster. PVD: peripheral vascular disease, EF: ejection fraction, 
eGFR: estimated glomerular filtration rate, OSA: obstructive sleep apnoea
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Compared to other data sources, clinical quality registries 
provide reliable, consistent and clinically relevant data. 
This study adopted LCA that is a data-driven approach 
to identify groups of patients according to the probabili-
ties of the existence/co-existence of different conditions 
[34]. Using this method, we are able to understand the 
patterns and probabilities of multimorbidity among PCI 
patients in real world. In addition, LCA includes proce-
dures for handling missing values, and therefore it can be 
applied to incomplete data [20].However, a key limitation 
of this study is the limited number of conditions recorded 
in the MIG registry. We did not have information on a 
number of relevant conditions, namely, anaemia, mental 
disorders, musculoskeletal disorders and obesity. Thus, 
our study is likely to have underestimated the association 
between multimorbidity and cardiac outcomes among 
PCI patients. Nevertheless, the nine morbidity condi-
tions recorded in the MIG registry and thus included in 
the analysis are the most relevant ones to the prevention 
and progression of CHD. Another limitation was that the 
quality and accuracy of data collection determined the 
interval validity of the analysis. The recording of dyslipi-
daemia in the dataset was based on patients’ prior diag-
nosis of dyslipidaemia or use of statins. Therefore, it did 
not reflect the lipid levels at admission. Yet, the number/
proportion of missing records were low, especially the 
recording of multimorbidity. Thirdly, our study included 
historical data from 2005 to 2015, during which there 
may have been changes in clinical practice and patient’s 
presentations for PCI. However, we found no clinically 
significant differences over time with regard to patient’s 
demographic characteristics nor the prevalence of the 
nine conditions (Supplementary file).

Conclusion
The combination of hypertension and dyslipidaemia 
is prevalent in at least four in ten patients undergoing 
coronary angioplasty. This study showed that clusters 
of patients with multimorbidity had significantly differ-
ent risk of 30-day and 12-month MACCE after PCI. This 
suggests the necessity for treatment approaches that are 
more personalised and customised to enhance patient 
outcomes and the quality of care delivered to patients 
in various comorbidity clusters. These results should 
be validated in a prospective cohort and to evaluate the 
potential impacts of these clusters on the prevention of 
MACCE after PCI.

List of abbreviations
PCI	� Percutaneous coronary intervention
MACCE	� Major adverse cardiac and cerebrovascular events
MIG	� Melbourne Interventional Group
CI	� Confidence interval
AMI	� Acute myocardial infarction
LCA	� Latent class analysis
EF	� Ejection fraction

CLD	� Chronic lung disease
OSA	� Obstructive sleep apnoea
PVD	� Peripheral vascular disease
eGFR	� Estimated glomerular filtration rate
AIC	� Akaike Information Criterion
BIC	� Bayesian Information Criterion
NYHA	� New York Heart Association
OR	� Odds ratios
STEMI	� ST elevated myocardial infarction
ACS	� Acute coronary syndrome

Supplementary Information
The online version contains supplementary material available at https://doi.
org/10.1186/s12872-023-03636-7.

Supplementary Material 1

Acknowledgements
MIG Steering Committee: Professor Chris Reid, A/Professor Andrew Ajani, 
Professor Dion Stub, A/Prof David Clark, Dr Melanie Freeman, A/Prof Chin 
Hiew, A/Prof Ernesto Oqueli, Ms Angela Brennan. The following hospitals 
and institutions participated in the MIG: Department of Cardiology, Austin 
Health, Melbourne, Australia, Centre of Cardiovascular Research and Education 
in Therapeutics (CCRET), Monash University, Melbourne, Australia, School 
of Population Health, Curtin University, Perth, Australia, Department of 
Cardiovascular Medicine, Alfred Hospital, Melbourne, Australia, Department of 
Cardiology, Grampians Health, Ballarat, Australia, Department of Cardiology, 
Box Hill Hospital, Melbourne, Australia, Department of Cardiology, University 
Hospital Geelong, Australia, Department of Cardiology, Royal Melbourne 
Hospital, Melbourne, Australia.

Author contribution
SS analysed and interpreted the data. CH contributed to interpreting data and 
writing the manuscript. SS, TB, AB, DS, AA and CR conceptualised the study 
design and analysis. TB and CR contributed to the data interpretation and the 
manuscript.  All authors read and approved the final manuscript.

Funding
The Melbourne Interventional Group acknowledges funding from Abbott 
Vascular, Astra-Zeneca, BMS and Pfizer. These companies do not have access 
to data and do not have the right to review manuscripts or abstracts before 
publication. DS research supported by NHF and NHMRC grants. Professor 
Reid’s work is supported by NHMRC grants (GTN: 1136372).

Data Availability
The datasets used and/or analysed during the current study are available from 
the corresponding author on reasonable request.

Declarations

Ethics approval and consent to participate
The study was approved by the Curtin University human research ethics 
committee (HRE2016-0372). Informed consent was waived by the Monash 
University human research ethics committee.

Consent for publication
Not applicable.

Competing interests
No conflict of interest

Author details
1NHMRC Centre of Research Excellence in Cardiovascular Outcomes 
Improvement, Curtin University, Bentley, WA 6102, Australia
2Cardiovascular Research and Education in Therapeutics, School of Public 
Health and Preventive Medicine, Monash University, Melbourne, Australia
3School of Population and Global Health, the University of Western 
Australia, Perth, Australia

https://doi.org/10.1186/s12872-023-03636-7
https://doi.org/10.1186/s12872-023-03636-7


Page 6 of 6Ho et al. BMC Cardiovascular Disorders           (2024) 24:66 

Received: 26 September 2023 / Accepted: 27 November 2023

References
1.	 Amini M, Zayeri F, Salehi M. Trend analysis of Cardiovascular Disease mortality, 

incidence, and mortality-to-incidence ratio: results from global burden of 
Disease study 2017. BMC Public Health. 2021;21(1):1–12.

2.	 Marengoni A, Angleman S, Melis R, Mangialasche F, Karp A, Garmen A, et al. 
Aging with multimorbidity: a systematic review of the literature. Ageing Res 
Rev. 2011;10(4):430–9.

3.	 Clerencia-Sierra M, Calderón-Larrañaga A, Martínez-Velilla N, Vergara-
Mitxeltorena I, Aldaz-Herce P, Poblador-Plou B, et al. Multimorbidity patterns 
in hospitalized older patients: associations among chronic Diseases and 
geriatric syndromes. PLoS ONE. 2015;10(7):e0132909.

4.	 Wong A, Boshuizen HC, Schellevis FG, Kommer GJ, Polder JJ. Longitudinal 
administrative data can be used to examine multimorbidity, provided false 
discoveries are controlled for. J Clin Epidemiol. 2011;64(10):1109–17.

5.	 Friedman B, Jiang HJ, Elixhauser A, Segal A. Hospital inpatient costs for adults 
with multiple chronic conditions. Med Care Res Rev. 2006;63(3):327–46.

6.	 Harrison C, Henderson J, Miller G, Britt H. The prevalence of complex multi-
morbidity in Australia. Aust N Z J Public Health. 2016;40(3):239–44.

7.	 Lai FT, Wong SY, Yip BH, Guthrie B, Mercer SW, Chung RY, et al. Multimorbidity 
in middle age predicts more subsequent hospital admissions than in older 
age: a nine-year retrospective cohort study of 121,188 discharged in-patients. 
Eur J Intern Med. 2019;61:103–11.

8.	 Rashid M, Kwok CS, Gale CP, Doherty P, Olier I, Sperrin M, et al. Impact of co-
morbid burden on mortality in patients with coronary Heart Disease, Heart 
Failure, and cerebrovascular Accident: a systematic review and meta-analysis. 
Eur Heart Journal–Quality Care Clin Outcomes. 2017;3(1):20–36.

9.	 Collerton J, Jagger C, Yadegarfar ME, Davies K, Parker SG, Robinson L et al. 
Deconstructing complex multimorbidity in the very old: findings from the 
Newcastle 85 + Study. BioMed research international. 2016;2016.

10.	 Fortin M, Bravo G, Hudon C, Vanasse A, Lapointe L. Prevalence of multimor-
bidity among adults seen in family practice. The Annals of Family Medicine. 
2005;3(3):223–8.

11.	 Britt HC, Harrison CM, Miller GC, Knox SA. Prevalence and patterns of multi-
morbidity in Australia. Med J Aust. 2008;189(2):72–7.

12.	 Hall M, Dondo TB, Yan AT, Mamas MA, Timmis AD, Deanfield JE, et al. 
Multimorbidity and survival for patients with acute Myocardial Infarction in 
England and Wales: latent class analysis of a nationwide population-based 
cohort. PLoS Med. 2018;15(3):e1002501.

13.	 Nardi R, Scanelli G, Corrao S, Iori I, Mathieu G, Amatrian RC. Co-morbidity 
does not reflect complexity in internal medicine patients. Eur J Intern Med. 
2007;18(5):359–68.

14.	 Safford MM, Allison JJ, Kiefe CI. Patient complexity: more than comorbidity. 
The vector model of complexity. J Gen Intern Med. 2007;22(3):382–90.

15.	 Prados-Torres A, Poblador-Plou B, Calderón-Larrañaga A, Gimeno-Feliu LA, 
González-Rubio F, Poncel-Falcó A, et al. Multimorbidity patterns in primary 
care: interactions among chronic Diseases using factor analysis. PLoS ONE. 
2012;7(2):e32190.

16.	 Cornell JE, Pugh JA, Williams JW Jr, Kazis L, Lee AF, Parchman ML, et al. Appl 
Multivar Res. 2008;12(3):163–82. Multimorbidity clusters: clustering binary 
data from multimorbidity clusters: clustering binary data from a large admin-
istrative medical database.

17.	 Islam MM, Valderas JM, Yen L, Dawda P, Jowsey T, McRae IS. Multimorbidity 
and comorbidity of chronic Diseases among the senior australians: preva-
lence and patterns. PLoS ONE. 2014;9(1):e83783.

18.	 Islam MM, McRae IS, Yen L, Jowsey T, Valderas JM. Time spent on health-
related activities by senior australians with chronic Diseases: what is 

the role of multimorbidity and comorbidity? Aust N Z J Public Health. 
2015;39(3):277–83.

19.	 Ajani AE, Szto G, Duffy SJ, Eccleston D, Clark D, Lefkovits J, et al. The founda-
tion and launch of the Melbourne Interventional Group: a collaborative inter-
ventional cardiology project. Heart Lung and Circulation. 2006;15(1):44–7.

20.	 Kongsted A, Nielsen AM. Latent class analysis in health research. J Physio-
therapy. 2016;63(1):55–8.

21.	 House AA, Wanner C, Sarnak MJ, Piña IL, McIntyre CW, Komenda P et al. Heart 
failure in chronic kidney disease: conclusions from a Kidney Disease: Improv-
ing Global Outcomes (KDIGO) Controversies Conference. Kidney interna-
tional. 2019;95(6):1304-17.

22.	 Collaboration AT. Collaborative meta-analysis of randomised trials of anti-
platelet therapy for prevention of death, Myocardial Infarction, and Stroke in 
high risk patients. BMJ. 2002;324(7329):71–86.

23.	 Shepherd J, Kastelein JJ, Bittner V, Deedwania P, Breazna A, Dobson S, et 
al. Effect of intensive lipid lowering with atorvastatin on renal function in 
patients with coronary Heart Disease: the treating to new targets (TNT) study. 
Clin J Am Soc Nephrol. 2007;2(6):1131–9.

24.	 Haynes R, Lewis D, Emberson J, Reith C, Agodoa L, Cass A, et al. Effects of low-
ering LDL cholesterol on progression of Kidney Disease. J Am Soc Nephrol. 
2014;25(8):1825–33.

25.	 Charytan D, Kuntz R. The exclusion of patients with chronic Kidney Disease 
from clinical trials in coronary artery Disease. Kidney Int. 2006;70(11):2021–30.

26.	 Konstantinidis I, Nadkarni GN, Yacoub R, Saha A, Simoes P, Parikh CR, et 
al. Representation of patients with Kidney Disease in trials of cardiovas-
cular interventions: an updated systematic review. JAMA Intern Med. 
2016;176(1):121–4.

27.	 Sarnak MJ, Amann K, Bangalore S, Cavalcante JL, Charytan DM, Craig JC, et al. 
Chronic Kidney Disease and coronary artery Disease: JACC state-of-the-art 
review. J Am Coll Cardiol. 2019;74(14):1823–38.

28.	 Brown TM, Hernandez AF, Bittner V, Cannon CP, Ellrodt G, Liang L, et al. Predic-
tors of cardiac rehabilitation referral in coronary artery Disease patients: find-
ings from the American Heart Association’s get with the guidelines Program. 
J Am Coll Cardiol. 2009;54(6):515–21.

29.	 Grace SL, Gravely-Witte S, Brual J, Monette G, Suskin N, Higginson L, et al. 
Contribution of patient and physician factors to cardiac rehabilitation enroll-
ment: a prospective multilevel study. Eur J Prev Cardiol. 2008;15(5):548–56.

30.	 Listerman J, Bittner V, Sanderson BK, Brown TM. Cardiac rehabilitation 
outcomes: impact of comorbidities and age. J Cardiopulm Rehabil Prev. 
2011;31(6):342.

31.	 O’Connor CM, Whellan DJ, Lee KL, Keteyian SJ, Cooper LS, Ellis SJ, et al. 
Efficacy and safety of exercise training in patients with chronic Heart Failure: 
HF-ACTION randomized controlled trial. JAMA. 2009;301(14):1439–50.

32.	 Venkataraman R, Sanderson B, Bittner V. Outcomes in patients with 
chronic Kidney Disease undergoing cardiac rehabilitation. Am Heart J. 
2005;150(6):1140–6.

33.	 Chan W, Clark DJ, Ajani AE, Yap C-H, Andrianopoulos N, Brennan AL, et al. 
Progress towards a national cardiac procedure database—development 
of the Australasian Society of Cardiac and thoracic surgeons (ASCTS) and 
Melbourne Interventional Group (MIG) registries. Heart Lung and Circulation. 
2011;20(1):10–8.

34.	 Lasko TA, Denny JC, Levy MA. Computational phenotype discovery using 
unsupervised feature learning over noisy, sparse, and irregular clinical data. 
PLoS ONE. 2013;8(6):e66341.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in 
published maps and institutional affiliations. 


	﻿Multimorbidity impacts cardiovascular disease risk following percutaneous coronary intervention: latent class analysis of the Melbourne Interventional Group (MIG) registry
	﻿Abstract
	﻿Background
	﻿Methods
	﻿Study design, settings and population
	﻿Statistical analyses

	﻿Results
	﻿Comorbidity clusters identified by LCA and characteristics of patients among these clusters
	﻿Association between identified comorbidity clusters and the outcomes

	﻿Discussion
	﻿Conclusion
	﻿References


